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Abstract

This paper analyses the performance of active uabmarket policies
(ALMP) in Slovakia. We found limited evidence efdélsonomic efficiency of the
ALMP in Slovakia. We guantify the relative impodarof the ALMP compared
to other factors for the employability of job seskeALMP performance relates
to a host of external factors, such as businesgesythe number of local job
vacancies, discrimination towards some ethnic miies, and levels of regional
development. Furthermore, we quantify policy effecess of the most im-
portant ALMP instruments. The concluding part & gaper points towards the
importance of the ongoing demographic transition fevamping the current
structure of ALMP.
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1. Introduction: The Case for the Active Labour Market Policies

1.1. The Rationale for the Active Labour Market Policies

The economic theory recognises some market failtmat individuals and
firms may encounter on labour market. The failures/ result from imperfect
matching process of workers and jobs, informatisgnametry between job-
seekers and potential employers, wage rigiditisgrignination of minorities, or
simply from poor labour market opportunities (Blaard and Katz, 1997). Credit
constrains may prevent employers to invest in jaming. Some firms may be
unwilling to invest to training, as the employeesynseek higher wage jobs with
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different employers (Becker, 1964). Matching preces labour market also
may be impacted by barriers to occupational andrggbical mobility of workers.

Public intervention may alleviate some barriermgtching process on labour
markets. Policies targeting increase in ability aildingness of the unemployed
to take jobs are grouped under the heading ofvadabour market policies’
(ALMP) (Nickell et al., 2001, p. 4).

A conventional definition (Calmfors, Forslund aklgmstrom, 2002, p. 2)
groups ALMP to three major categories: (i) job bngkactivities with the aim of
improving the matching, between vacancies and utwreg; (ii) labour market
training; and (iii) job creation (subsidised emptmnt). The rationale for ALMP
is that an effective matching process increased@mgnt levels and improves
wage-setting mechanisms. The more quickly the w@eanare filled, the less
costly they come for firms and employers.

The early ALMP were developed in 1950s in Nordiarmtries. They sought
to improve the match between demand and supplyaledur by subsidising
large-scale vocational training programs (Bono01@, p. 439). Selective job
creation programmes, aimed at elimination of uneywpknt by specific social
groups, followed in the late 1960s and early 19T¢er time, holding down
unemployment in general in recessions became rnmpertant in 1980s and
1990s (Calmfors, Forslund and Hemstrém, 2002, pThAgre are hundreds of
ALMP instruments in OECD countries at present. Hagists of ALMP raise
concerns about efficiency of the public intervention labour markets. High
number of evaluation studies brought s mixed ewidean efficiency of the
ALPM in terms of (1) job generation, and (2) vafaemoney.

1.2. Paper Structure

This paper analyses the performance of ALMP inv&t@. The Chapter 2
reviews evidence on ALMP efficiency from the largemale meta-analyses.
Major factors of ALMP performance are identifiedhapter 3 presents the
unique dataset on 4.7 million registrations by mflion seekers for 2007 —
2017 in Slovakia. The key variables of ALMP perfamoe, based on the litera-
ture review and data structure, are identified. RhdP performance is ana-
lysed via set of logistic regression in Chapteifde ‘value for money’ of the
ALMP is quantified in Chapter 5. The concludingtpairthe paper discusses key
findings and suggests some policy recommendations.paper makes several
original contributions.

« We aim at a comprehensive examination of the ALMI in supporting
employment and employability. We use the largeailalle database on ALMP
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thus far. The analysis covers 75% of ALMP spendiimged at increasing em-
ployment and employability in the period 2010 — 201

« ALMP performance is analysed within a broader seodmomic context.
The importance of ALMP relative to the external ieowment is examined. The
impact of regional development and potential disaration on ALMP perfor-
mance is analysed for the first time, to the béstuo knowledge.

- Finally, we quantify ‘value for money’ in the moshportant ALMP in-
struments in the period 2010 — 2017.

2. Factors of ALMP Performance: Evidence from the Empirical
Studies

The ALMP expenditure is substantial in advancednemies. OECD data
indicate that the share of ALMP expenditure in GiPies between 0.2% and
3.2% GDP in OECD countries (Appendix 1, FigureThe basic idea behind the
introduction of the ALMP was to shift public expétude from passive spending
on unemployment insurance and benefits towardsredection of structural
unemployment. The ALMP were considered major irgation tools for coun-
tercyclical policies in labour markets (Weishagjfi11).

Hopes that higher spending on ALMPs would genenabee jobs and de-
crease unemployment rates often proved too naivart{iv] 2015, p. 2). Many
cross-country evaluations have found effects ofAh®IP on job generation to
be mixed, at best (Stefanik, 2014). Escudero (2p181), for example, exami-
ned the ALMP database for 31 OECD countries dutimgperiod 1985 — 2010
and found ‘success at the aggregate level contentiod incomplete’. A recent
meta-analysis of 57 experimental and quasi-expetiahestudies concluded that
‘ALMPs are generally successful in improving thédar market outcomes of
their participants, yet the effects are small’ (v&oet al., 2018, p. 3). This view
is also supported by a low correlation between ALbBKpenditure and unem-
ployment rates. Eurostat data, for example, indi¢aat the respective correla-
tion coefficient for ALMP expenditure (as a percage of GDP) and the unem-
ployment rate was merely R = 0.042 in 2016 in t8&R member countries and
Norway (Appendix 1, Figure 1). High costs of the MP need not necessarily
be associated with high numbers of jobs createdisesl by the ALMP instru-
ments (Brown and Koettl, 2015). Limited experiemgth positive outcomes of
the ALMP sometimes impacts upon the willingnesgpalfcymakers to consider
ALMP investment in human capital.

Some cross-country studies have applied a monecedaview of the ALMP.
They acknowledge that national public labour mag@icies greatly differ in
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their scope, intensity, targets, and managemeangements. The structure of
expenditure by category reflects not only spedignids and problems in national
labour markets, but also costs associated withifgpaategories of ALMP.
Some countries are able to implement an efficiertafipolicy instruments and
get the unemployed to work, while others fail tosto

A meta-analysis of 199 ALMP in 26 OECD countriesthe period 1996 —
2007 (Card, Kluve and Weber, 2010) indicated tpatsic categories of ALMP
varied in their ability to generate sustainablesjobhere were also significant
differences in short- and long-term impacts of #ieALMP categories on job
creation. The subsidised public sector employmawagm@ammes performed
poorly in terms of generating sustainable jobshe short term (Card, Kluve
and Weber, 2010), but their effects may becometigesin the longer term
(Vooren et al., 2018, p. 15). The ALMP targeting thccumulation of human
capital (classroom and on-the-job training progras)rhad the most favoura-
ble impacts from medium- and long-term perspecti{&s- 3 years and over
3 years respectively). The ALMP aimed at job seassistance (or sanctions for
failing to search) performed well from the shortateperspective (up to 1 year).
ALMP targeting youths were less likely to have gigsiimpacts than were un-
targeted programmes. Similar conclusions were drwra meta-analysis of
137 ALMP from 18 EU countries and the USA (Kluve)1R). Caliendo and
Schmidl (2016) also found the efficiency of ALMRdating young people to be
questionable.

The most recent meta-analysis of the ALMP survey28 ALMP instru-
ments from 47 countries in the period 1980 — 202ard, Kluve and Weber,
2017). The meta-analysis found that the ALMP hawgenpositive impacts in
the medium and long terms than in the short terhe ALMP results also vary
by category of support. The ALMP targeting job sbaassistance have similar
results from short-, medium- and long-term perdpest The classroom and on-
the-job training programmes generate the most igesimpacts after 2 or 3
years. As for the specific socioeconomic groups,niost positive impacts were
found for female and elderly job seekers, while acts on young people are
doubtful. The ALMP supporting the accumulation aftian capital were benefi-
cial for the long-term unemployed. The ALMP seenoperate well for highly
motivated job seekers, e.g. single mothers. Sulaptbutcomes were found for
job seekers with physical and mental conditionsr{Ma2015, p. 22).

Many factors of a relatively meagre performancehef ALMP may lie out-
side of the remit of the ALMP design. ALMP perfonmeg depends on many
external factors, such as demographic developmbuasiness cycles, the limited
number of job vacancies, inflexible labour lawsderdeveloped infrastructure,
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discrimination towards certain minorities, andfasufficient demand. The above-
mentioned factors may combine and depress theypefiiciency of the ALMP.

The ALMP may operate with different efficiency thg specific phases of
business cycles. Card, Kluve and Weber (2017, p.f@4nd that the ALMP
performed well if participants were ‘enrolled inpeogram during a downturn
and exit the program during a period of favouradtenomic conditions’. The
finding indicates that the ALMP may be more effeetduring short-term eco-
nomic contraction but less so during prolongedssiom. Forslund, Frederiksson
and Vikstrom (2011) suggested that labour marlkahitng performs better dur-
ing recession than does on-the-job training.

ALMP performance may also be impacted by demogcaghvelopments.
Strong cohorts of ‘baby boomers’ dominated the laboarket in the 1990s and
2000s in many OECD countries. By the late 2010siespew member countries
of the EU were affected by a combination of highigration rates and the rapid
pace of population ageing (Bouman et al., 2015 Ebour market shrank, the
unemployment rate fell and wages rose. Some newb@enountries suddenly
faced an acute lack of a labour force. As for tley& Republic, the total num-
bers of the unemployed halved in the period 20P0%7. The Eurostat data on
GDO indicate that Slovakia enjoyed solid, but neéctacular growth in GDP
(3.0% p.a.). The growth was not enough to explaerdramatic fall in unem-
ployment. It was much easier to find a job in 2@&n in 2012 in respect of all
classes of the unemployed in Slovakia.

Finally, as noted in the introduction, imperfecatohing process can be im-
pacted simply by lack of employment opportunitiedacal markets.

3. Research Hypotheses, Data Sources and Methods

3.1. Research Hypotheses

This paper tests the following hypotheses:

H1: The ALMP have limited impacts on employment inefia. Most ALMP
participants are self-selected for failure in tladodbur market.

H2: The employability of job seekers is determinedabhyumber of factors
internal and external to a job seeker. The mostorgmt factors include the
socio-demographic profile of a job seeker, the kndity of job vacancies, the
level of regional development, patterns of disanition in labour markets, and
demographic developments.

H3: There are significant variations in the rate oftie among specific
ALMP instruments.
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3.2. Data Sources

Slovak ALMP instruments are labelled accordingpecific Sections of the
5/2004 Law on Employment Services. The COLSAF adtared over 30 ALMP
instruments in the period 2007 — 2017. The totaM&Lexpenditure was EUR
1,151.71 million in 2010 — 207°7Slovak expenditure on ALMP was around half
of that of the EU and similar to that in other ne@mber countries (Appendix 1,
Figure 1). Slovak ALMP instruments were groupea itwo major categories:
(1) ALMP aimed at increasing employment and emgbditg (85.4% of the
total job seekers and 74.9% of the total spendimgg, (2) ALMP aimed at sup-
porting job retention (14.6% of job seekers and2bof ALMP spending). We
analysed eight major ALMP instruments in the faategory:

+ Sec. 49 supported self-employment. Job seekers/egican advanced pay-
ment of EUR 3,126 — EUR 5,002 (depending on thelle¥ registered unem-
ployment in their home region) and lost social ignéor 2 — 3 years;

« Sec. 50i+j targeted disadvantaged job seekers {&a&ts of age and/or
people with low educational levels); it subsididadour costs in the regional
public sector (contribution per participant totellep to 60% of the total average
labour costs for 9 months);

« Sec. 51 targeted graduates (up to the age of 28)y¢@ineeship subsidised
labour costs for a period of 3 — 6 months (up t%6% the monthly living wage
per participant);

+ Sec. 52 subsidised public works; it provided lowtcsupport to the long-
-term unemployed (up to 3 — 6% of the total avetageur costs per participant);

« Sec. 52a supported public works combined with waltism in social, cul-
tural, ecological and humanitarian activities (op3t— 7% of the total average
labour costs per participant);

« Sec. 54 implemented various national projects; astly subsidised job
creation via the partial reimbursement of labolstgp

« Sec. 54 REPAS reimbursed in respect of the short-te-training courses;

« Sec. 54 BAZ supported matching job seekers withleyeps; it assisted job
searches for the young unemployed (up to the agg9aofears); it also reim-
bursed costs of mentoring and subsidised labous émsup to 9 months.

Further details of the ALMP instruments can benfibin Table 5.

The eight ALMP instruments involved 47.2% of tlotat job seekers and
accounted for 81.8% of the total spending on théMRLin category (1) in the
period 2010 — 2017The ALMP supporting job retention mostly targepswbple
with health and mental disabilities in SlovakiapBart was provided repeatedly

2 Data on jobseekers covered period 2007 — 2017d#iat on actual financial support were
available only for period 2010 — 2017.
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on a quarterly basis and became quite costly. TR instruments subsidising
employment of the disabled had more of a sociakimisthan an economic one
in Slovakia. Given their specific mission and madesupport, these instruments
were excluded from analysis.

We used two databases provided by the COLSAF dtys@ the performance
of ALMP in Slovakia. The first database containedividual data on 4,701,446
registrations by 1,857,616, job seekers for 20@0%7. A job seeker could have
multiple registrations with the COLSAF. A minoritf total job seekers were
allocated to one or more ALMP. The second datab=s#ained data on
1,576,080 registrations by 658,110 job seekersatibol to ALMP from the period
1. 1. 2007 to 31. 12. 2016. Success rates werenauséll 31. 12. 2017. Data
cleaning was performed before analysis. Detailsbeafound in Appendix 2.

Table 1 presents key descriptive statistics froen@OLSAF database.

Table 1

Descriptive Statistics for Job Seekers in Major ALR/

ALMP Gender Age, years Education Length, days
Sec. Valid N % femald mean std.dev. mean std.|dewean | std. de
Non-participants 1,365,055 47.29 3419 1243 2.830.92 X X

49 58,843 37.4 36.44 10.01 3.01 0.74 737.91 54.43
50i+j 23,381 33.8 4124  12.51 2.38 1.06 207|129 .2®5

51 84,984 63.5 21.61 2.04 3.28 0.54 143.82 8539
52 173,387 47.3 37.14 11.60 1.66 1.12 131.33 339.3
52a 51,195 67.7 37.77  11.98 2.60 1.06 162.09 736.2
54 36,410 46.4 32.68 12.22 247 0.9 277.11 162.02
54 BAZ 52,532 46.1 23.41 2.87 2.94 0.89 72.7645.15

54 REPAS 27,099 61.6 36.86 11.1% 2.97 0.8¢4 35.021.94

Notes Sec. 50i and Sec. 50j were considered identioel merged to one instrument in analysis. Level of
education: 0 = less than primary; 1 = primary; Bwer middle; 3 = higher middle; 4 = Bachelor's avids-
ter's degrees; 5 = PhD and similar degree.

Source Authors’ computations.
3.3. Model Specification

The model specification is based on (i) theorétiedionale for ALMP;
(ii) factors of ALMP performance, as suggested Iy literature reviews; and
(iii) structure of available data.

The COLSAF databases contain a significant shianeissing data. The avail-
able data, unfortunately, do not indicate wheth@baseeker found a job. The
data only indicate whether a job seeker returnemt tropped out of the COLSAF
registry. Dropping-out need not necessarily mea ghjob seeker found a job.

3 Some 2.87 million jobseekers received free joticedwith the COLSAF office in the above-
mentioned period. The advice is provided under 82cof the 5/2004 Law. The activity has no
formal rules and no budget. We do not considerabiwity ALMP and exclude from the analysis.
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One third of the total job seekers dropped outhef registry for other reasons
(retired, died, emigrated, lost right to suppofthe logistic regression analysis
therefore concentrated on job seekers’ rate ofateperegistration with the
COLSAF (‘rate of failure’), rather than on dataemployment (‘rate of success’).

We computed two sets of logistic regressions:efght instrument-specific
regressions and (b) one general regression. Thergeregression analysed em-
ployability between ALMPand external factors. The eight specific regressio
examined employabilitywithin each ALMP

a) The general regression included job seekers bdthamid without a history
of participation in ALMP (Table 2). Job seekers avehecked 1 year after the
exit from registration. Repeated registration 1rya#er his/her inclusion in
some of the ALMP instruments was the dependenabbai(0 = no, 1 = yes).
The general regression analysed the importanceesfifcc ALMP compared to
the external environment and other ALMP. The gdnezgression included
dummy variables for participation in the eight ALM®= no, 1 = yes).

b) Eight regressions were constructed for the mosortapt ALMP instru-
ments. The regression included only job seekers aihistory of participation
in specific ALMP. Job seekers were checked 1 y#ar their exit from the spe-
cific ALMP (Table 3).

The independent variables included the following:

+ Vector of socio-demographic variables for job sesk@ender, age and
educatiof). Many studies indicate that these variables aggifcant for the
degree of employability (see, for example, Kluv@l@);

« Length of days spent in ALMP instrument; for somstiuments the varia-
ble approximates the human capital acquired duraiging;

« Business cycle, approximated via the GDP growtd; rat

« Vector of external factors: (i) impact of demograptevelopment on la-
bour market shrinkage; (ii) number of unemployedjpb vacancy in the region
of the job seeker’s residence; (iii) level of retab development in the region of
the job seeker’s residence (approximated by thebeurof firms per 1,000 po-
pulation and the average wage); and (iv) potemligtrimination in the labour
market (approximated by the share of the Romanuladipn).

The availability of local jobs is a very importactiindition of employability.
We analysed the COLSAF data on number of vacaacidsinemployment rates
in 79 Slovak districts. The average number of j@wancies per job seeker
dropped from 0.1482 in 2007 to 0.0115 in 2012, incteased to 0.6026 by
2017. There were significant disparities in labsupply and labour shortages

4 The COLSAF database contains fragmentary data antainstatus, number of children, lan-
guage and computing skills. The missing data hagt uaequal regional distribution and were
excluded from the analysis.
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among districts. The average number of job vacanmée job seeker was 0.0078
in the district of Gelnica, but was 0.9552 in thstrict of Bratislava 1 in the
period 2007 — 2017 (Appendix 1, Figure 2). We coedd regional rate of job
vacancies per job seeker an independent varialtheeimodel.

Data on the demographic balance (‘labour markahisige’) were missing
on regional levels. They were approximated via yrlegment rates for each of
79 districts.

Some independent variables were highly correlgBedas to avoid potential
problems with multicollinearity, we conducted anpkxatory factor analysis.
Two factors were discovered. Variables ‘numberfirofs per 1,000 population’,
‘average wages’ and ‘number of job seekers pevgmancy’ were highly loaded
on Factor 1, i.e. ‘level of economic developmeMariables ‘unemployment
rates’ and ‘share of Roma population’ were higligded on Factor 2, i.e. ‘un-
employment & discrimination’. Details of correlati@nd factor analysis can be
found in Appendix 3, Tables 7 — 9.

Factor scores were used as inputs to the logisgieessions. Potential multi-
collinearity and the distribution of residuals wereasured. No significant
problems were detected (Appendix 3, Table 10). Batdactors 1 and 2 were
available for 11 years and 79 Slovak districts (86Servations). Annual data on
GDP were available on a national basis (11 obsenst

4. Performance of the ALMP in Slovakia: Key Empirical Findings

All variables in the general equation were higbignificant except fort the
Sec. 54. Coefficients had expected signs. Male® Wess likely to re-register
with the COLSAF office. Older job seekers were miikely to re-register, but
the B coefficient for age was quite low. Educatieas an extremely important
factor of employability. The negative coefficiemr fthe educational level indi-
cates that job seekers with the lowest level ofcatian had the highest chance
of re-registering. The positive coefficient for thegth of instruments implies
that job seekers with long stays in the ALMP instemt(s) were more likely to
re-register. The finding is impacted by the highmivers of repeated participa-
tion in the Sec. 52 instrument. The coefficient @DP growth was negative.
The higher the growth rates, the lower the chardaemeated registration with
the COLSAF office.

® The Hosmer-Lemeshow test is applied to examineefitdn logistic regression. The test is
based on the chi-square distribution and is seesiti sample size. The test in not recommended
for samples over 25,000 cases (Paul, Pennell antesleow, 2012; Yu, Xu and Zhu, 2017). Our
sample was much larger. We did not apply the test.
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Table 2
General Logistic Regression

B S.E. Wald df Sig. Exp(B)
Length (days spent in instrument) 0.002 0.000 1R 1 0.000 1.002
Gender -0.073 0.003 632.3% L 0.000 0.929
Education (level) —-0.167 0.001 12 463.19 1 0.000 84D.
Age (years) 0.000|  0.000 11.35 1 0.001 1.000
GDP growth rate —0.018 0.00d 1283.54 1 0.000 0.983
Factor 1 (economic development) -0.147 0.002 4451, 1 0.000 0.863
Factor 2 (unemployment & discrimination 0.161 @00 14799.74 1 0.000 1.175
Sec. 49 —1.255| 0.016| 6 166.07 1 0.000 0.2B5
Sec. 50ij 0.385 0.010 1616.6b iy 0.000 1.469
Sec. 51 0.169 0.006 837.85 1 0.00d 1.184
Sec. 52 0.634 0.005 16 101.93 1 0.00 1.885
Sec. 52a 0.249 0.007 1124.24 1 0.000 1.283
Sec. 54 —-0.010 0.010| 0.95 L 0.330 0.990
Sec. 54 BAZ -0.052 0.014 14.5p iy 0.000 0.949
Sec. 54 REPAS -0.121 0.01 39.50 1 0.000 0.486
Constant -1.186 0.006| 35 646.69 1 0.000 0.305

Nagelkerke R2 = 0.271; N = 3,605,169

Notes Dependent variable: a jobseeker was registerddthve COLSAF office after one year: 0 = no; 1 s;ye
male = 0, female = 1. Level of education: 0 = lgem primary; 1 = primary; 2 = lower middle; 3 =gher
middle; 4 = Bachelor's and Master’s degrees; 5 B Bhd similar degree.

Source Authors’ computations.

Factor 1 approximated the development levels oBl6@ak districts in terms
of average wages, numbers of firms, and job vaeandihe higher the level of
development, the lower the chance of repeatedtraticm. Factor 2 indicated
how regional unemployment rates and the poteni&drignination of Romani
job seekers impacted upon employability. High factoores were positively
associated with repeated registration.

The general regression indicated that participatioSec. 50i+j, Sec. 51, Sec.
52 and Sec. 52a was positively related to registrawith the COLSAF office,
while that in Sec. 49, Sec. 54 REPAS and Sec. 52 BAs negatively related to
repeated registration with the COLSAF office. Iiet words, participants in
ALMP instruments supporting regional employmenthblpuworks and trainee-
ships for graduates were more likely to fail in thbour market than were job
seekers with no history of ALMP. The finding is ra® surprising as it seems. In
some way, the ALMP participants were negativelyesteld for success in the
labour market. A job seeker had to be unemployeddweral months to qualify
for participation in most ALMP instruments. If abjeeeker found a job within
a period specified by the 5/2004 Law, he or shendidparticipate in the ALMP.
Descriptive statistics for job seekers indicatet tthee ALMP participants ac-
counted for lower average educational levels thdnath seekers with no history
of participation in ALMP (Table 1).



21

Table 3
Logistic Regressions for Eight Major ALMP
Sec. 49 self-employment; N = 58,843 Sec. 51 grathsa N = 84,984
B S.E. Wald | df Sig. | Exp(B) B S.E.| Wald| dfSig. | Exp(B)
Length —0.00Z 0.000 35.00 1 | 0.000| 0.998 0.0020.000, 197.05/1|0.000{ 1.002
Gender 0.157 0.026 36.06 1| 0.000f 1.170| -0.038.016 5.59(1|0.018| 0.963
Education| —0.500 0.016 965.71 1 | 0.000| 0.606| -0.538.017| 983.29 1|0.000| 0.584
Age 0.002| 0.001 1.64 1| 0.201| 1.002 0.0510.005| 124.61|1|0.000| 1.052
GDP 0.013| 0.010 1.73 1| 0.188| 1.013| -0.020.003] 61.08/1|0.000f 0.974
F1 —0.591| 0.036 265.27 1| 0.000| 0.554| -0.300.015| 422.29 1|0.000| 0.735
F2 0.314| 0.011 789.49 1| 0.000| 1.369 0.1890.007| 713.68 1|0.000[ 1.208
Constant 1.052 0.251 17.52 1| 0.000f 2.864| -0.329.086| 14.65|1|0.000| 0.720
Nagelkerke R2 = 0.096 Nagelkerke R2 = 0.052
Sec. 50i+j, regional employment; N = 23,381 Séwul BAZ; N = 52,532
B S.E. Wald | df Sig. | Exp(B) B S.E.| Wald| dfSig. | Exp(B)
Length —0.003 0.000 139.32 1| 0.000| 0.997 0.0080.000| 982.97|1|0.000| 1.008
Gender —-0.16% 0.030 29.37/ 1| 0.000| 0.848 0.2100.021| 101.64{1|0.000| 1.233
Education| -0.37% 0.014 716.27 1| 0.000| 0.687| -0.189.012| 266.26| 1|0.000| 0.828
Age 0.004| 0.001 10.90 1| 0.001| 1.004 0.0400.004| 119.87|1|0.000| 1.041
GDP 0.005| 0.018 0.07] 1| 0.795| 1.005| -3.708€.407| 83.17|1|0.000| 0.025
F1 —0.331| 0.035 87.77 1| 0.000| 0.718| -0.22M0.012| 314.60/ 1|0.000f 0.802
F2 0.278| 0.014 423.09 1| 0.000| 1.321 0.3210.011| 831.65/1|0.000| 1.379
Constant 1.501 0.080 347.94 1| 0.000| 4.487| 10.555..371| 59.27|1|0.000| 38.355
Nagelkerke R2 = 0.112 Nagelkerke R2 = 0.095
Sec. 52 community works; N = 173,378 Sec. 52awmeers; N = 51,195
B S.E. Wald | di Sig. | Exp(B) B S.E.| Wald| dfSig. | Exp(B)
Length 0.005 0.000 898.01 1 | 0.000| 1.005 0.0060.000 490.66| 1 |0.000| 1.006
Gender 0.225 0.012 344.77 1| 0.000f 1.253| -0.194.022| 80.88/1|0.000| 0.824
Education| -0.133 0.005 583.44 1| 0.000| 0.876| -0.23%.010| 514.89 1|0.000[ 0.790
Age 0.036| 0.001| 4290.79 1| 0.000| 1.037 0.0210.001| 649.07|1|0.000| 1.022
GDP —0.043| 0.002 609.01 1| 0.000f 0.957| -0.112.003|1 283.24 1|0.000| 0.894
F1 —0.242| 0.014 292.34 1| 0.000| 0.785| -0.2210.016| 199.44{ 1|0.000| 0.802
F2 0.211] 0.005| 1523.26 1| 0.000| 1.235 0.153.008| 332.45/1|0.000| 1.165
Constant | -0.817 0.031 709.68 1| 0.000| 0.442| -0.624.064| 93.86|1|0.000] 0.536
Nagelkerke R2 = 0.069 Nagelkerke R2 = 0.165
Sec. 54 projects N = 36,410 Sec. 54 REPAS traiginN = 27,099
B S.E. Wald | di Sig. | Exp(B) B S.E.| Wald| dfSig. | Exp(B)
Length —0.00% 0.000 326.01 1 | 0.000| 0.999 0.0010.001 0.87(1|0.350| 1.001
Gender —0.109 0.024 20.93 1| 0.000| 0.897 0.2800.028| 97.85|1|0.000| 1.324
Education| -0.324 0.013 654.80 1| 0.000f 0.723| -0.17%.016| 130.68/ 1|0.000| 0.837
Age 0.033| 0.001| 1147.43 1| 0.000| 1.034 0.0140.001| 134.43 1|0.000| 1.014
GDP 0.017| 0.017 0.96/ 1| 0.326| 1.017| -1.198.255| 22.03|1|0.000{ 0.302
F1 —-0.263| 0.022 146.59 1| 0.000f 0.769| -0.2060.014| 208.77| 1|0.000| 0.814
F2 0.275| 0.011 586.24 1 | 0.000| 1.316 0.2510.014| 339.28 1|0.000| 1.285
Constant | —0.40% 0.080 25.77/ 1| 0.000| 0.667 3.31/M.858| 14.95|1|0.000| 27.574

Nagelkerke R2 = 0.153 Nagelkerke R2 = 0.061
Notes Dependent variable: a jobseeker was registerddtive COLSAF office after one year: 0 = no; 1 s;ye
male = 0, female = 1. Level of education: 0 = lgwm primary; 1 = primary; 2 = lower middle; 3 =gher
middle; 4 = Bachelor's and Master’s degrees; 5 B Bhd similar degree. Data for the Sec. 54 BAZrumaent
were available only for 2016 and 2017. Regressiomsputed for the first registrations with a specALMP.

Source Authors’ computations.
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Participants of the Sec. 52 ALMP instrument actedrior the lowest aver-
age levels of education and found it difficult tot@n an employment contract.
The situation was different with participants iretBec. 54 BAZ and Sec. 54
REPAS instruments. These instruments paid for uarioaining courses. Many
job seekers had already pre-arranged their job® @mployers benefitted
from state-sponsored training courses, which waitered to specific needs of
employers.

As for the specific ALMP (Table 3), education, agegional development
levels (Factor 1) and the situation in regionalol@abmarkets (Factor 2) were
important predictors of repeated registration vilth COLSAF office. Coeffi-
cients for the respective predictors have the saxpected signs as in the gene-
ral regression, except for GDP coefficient in S&;.50i+) and 54 (wherein they
became insignificant) and age coefficient for S&&. The highesbetavalues
for the GDP growth rates were associated with S&¢SREPAS and 54 BAZ.
These instruments operated in a period of an ecanooom (2014 — 2016). The
business cycle was important for ALMP performance.

Most ALMP instruments worked better for males,eptdor Secs. 49, 52, 54
REPAS, and 54 BAZ. As for the length of stay, insients allowing repeated
registration must be considered separately fromafhimstruments. Participants
in the Sec. 49 instrument (self-employment) wermmited to staying 2 or 3
years in the instrument (737.9 days on averagg)e&ed registration with the
same instrument was not allowed. Repeated regasiratas allowed and com-
mon for participants in Secs. 50i+j (regional emyptent), 52 (public works)
and 52a (volunteerism). These last three instrusnaatounted for the highest
rates of repeated registration.

We conclude that there is no indication that Itesiing ALMP support
builds human capital. Repeated registration maultrés the ‘lock-in effect’,
i.e. decreasing the willingness to engage in agtibesearches (Vooren et al.,
2018, p. 5).

5. Policy Effectiveness of the ALMP

Most ALMP studies concentrate on the effects ¢érvention in terms of
employment and unemployment. The cost of intereant reported by a minor-
ity of studies (McKenzie, 2017). There are somebt®as to the policy effec-
tiveness of the ALMP. In their extensive meta-asislyof ALMP efficiency,
Crepon and van den Berg (2016) argue that ‘on thelevevaluations have not
shown these programs to be particularly effectarel we do not really know if
these programs are in fact an expense rather thama
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Do Slovak ALMP generate good value for money? Wehputed rate of
return for selected ALMP instruments (Table 4).d2abf return are based on
actual ALMP spending. Comprehensive financial datxe available for the
period 2010 — 2017. Firstly, the ALMP costs per gaeker were computed.
Secondly, the ALMP gross success rate was com@agtele share of job seekers
with new jobs in the total number of dropouts. TW@LSAF provided nation-
wide data on job seekers who found employment entéttal number of drop-
outs. We computed the adjusted success rate ggdtiact of the gross average
success rate and the share of total employed jekese in the total number
of dropouts. Thirdly, the profitability of ALMP wasomputed for each newly
employed job seeker.

Ki8$ et al. (2017) computed the profitability oLMP as the total sum of
taxes and social and health insurance paymentshyatige newly employed job
seeker from minimum wages in 2015. We extended #proach to spending-
-related value-added tax (VAT)We assumed that people on minimum wages
spend all of their income on purchases of conswgueds and services. The rate
of return was computed for the period 2010 — 20Bx. collection was modelled
on an employee with one child, who (a) collectdccbienefits, (b) deducts tax-
-free income and (c) spends all of his/her incomeansumption.

Table 4
ALMP Costs and Rate of Return(average for 2010 — 2017)

Average actual | Gross average | Adjusted average|Average actual cost{ Return

ALPM costs per one | success rate aften] success rate aftef per one employed | rate in

jobseeker 12 months, % 12 months, % jobseeker months
Sec. 49 3,367 85.62 54.63 6,162 28|3
Sec. 50i+j 3,040 42.70 27.46 11,194 50/5
Sec. 51 805 67.01 40.04 1,870 8/5
Sec. 52 175 29.87 19.44 932 4|2
Sec. 52a 1,052 44.64 29.52 3,622 16.1
Sec. 54 1,776 63.39 42.53 2,824 115

Sec. 54 REPA$ 419 65.24 44.39 711 3.

Notes Sec. 54 — REPAS operated in 2014 — 2017. No (iisddata was available for Sec. 54 BAZ. Success
rate is computed for 12-month period after exinfrthe ALMP. The adjusted success rate is compeded a
product of gross average success rate and shéweabémployed jobseekers in total number of drépothe
respective shares of total employed jobseekers 8% in 2010, 63.32% in 2011, 60.10% in 201256%

in 2013, 67.21% in 2014, 70.06% in 2015, 66.56%0h6 and 67.16% in 2017.

Source Authors’ computations, based on the COLSAF dathannual reports.in period 2010 — 2017.

Summary evaluation of specific ALMP measures @vjoled in Table 5.

% We considered 20% VAT rate. The lower (10%) VATeraas introduced for selected food
products in 2016. Share of these items in the cqoesibasket of employees was only 3% (Hud-
covsky, 2017). We assume the lower VAT rate foesteld food items had quite limited impact on
ALMP profitability.
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Table 5
Summary of Policy by Specific ALMP

ALMP Evaluation

Important in periods of economic crises and a tafokmployment opportunities.
Sec. 49 The 2013 amendment of the 5/2014 Act redefinedgehsupport and impacted
Promotion of spending through the ALMP. The support period wasreled from 2 to 3 years.
self-employment| pather high costs per employed/self-employed jekee(EUR 6,162) and a rather lohg
start-ups rate of return (28.3 months).

Sec. 50i+j Low employability of job seekers in the labour mettkimportant for finding jobs and
Subsidised jobs | generating employment records for members of thegimalised Romani communities.
with local High costs per employed job seeker (EUR 11,194yewy long rate of return (50.6
governments months).

Sec. 51 Popular with the target group (graduates) and eyepdo A high success rate (share
Subsidised of job seekers who found a job). The success ratedetermined by composition of
traineeships the target group (secondary and tertiary gradudtesy efficiency for youths from

after graduation | the disadvantaged environments; low cost for ongl@yed job seeker (EUR 1,870);
a short rate of return (8.5 months).

Sec. 52 The ALMP targeted job seekers with the lowest lesfehuman capital. A low success
Public works rate. This was only partially the ALMP measureekembled social benefits. The
instrument was stigmatised in respect of being ‘RoMALMP’. Low costs per employed
job seeker (EUR 932); a short rate of return (4dbtins); low per capita costs were
determined by overall low costs of the ALMP.

Sec. 52a A low success rate (in terms of creating new jaixb r@taining existing ones).

Public works The ALMP has a social component. It frequently waed for employing and training
based handicapped people in the open labour market; stscper employed job seeker

on voluntarism | (EUR 3,622); a medium rate of return (16.1 months).

Sec. 54 A high success rate was determined by compositfothe target group. ALMP werg
National implemented via national projects. The projectsctesh flexibly to the actual labour
projects, mostly | market development. ALMP popular with employers.diden costs per employed jgb

on job subsidy | seeker (EUR 2,824); a medium rate of return (1106tirs).

Sec. 54 A high success rate determined by composition eftéinget group and terms of support.
REPAS Employment was provided under the condition of ipgrating in the ALMP. The onl
Retraining ALMP aimed to support life-long learning and retiag;

and courses low costs per employed job seeker (EUR 711); atshte of return (3.0 months).

Source Authors’ summary.

Conclusions

This research analysed the performance and econefficiency of the
ALMP in 2007 — 2017 in Slovakia. The research fouhat the ALMP were
complementary tools for job generation. Market ésrevere key sources of job
generation. The minority of job seekers (35.4%) hadess to ALMP in Slo-
vakia. Access to ALMP was problematic for some disataged job seekers,
e.g. members of marginalised Romani communities @m@loyability of job
seekers largely was determined by factors outsideenALMP design, namely
by demographic developments and the availabilityjofif vacancies in local
labour markets (Dahlke, 2016; Kawaguchi and Md1.2).
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ALMP performance depended on specific target gso(graduates, young
people, disadvantaged job seekers, long-term urmymp] people aged 50+
years, handicapped people). A comparison of ppdits and non-participants
of the ALMP indicated that human capital was thestrimportant determinant
of repeated registration with the COLSAF office. dM&LMP participants were
negatively selected for success in the labour mafkee ALMP targeting people
with higher educational levels achieved above-ayeeerformance.

Our research found limited evidence of the ecooagfficiency of the ALMP
in Slovakia. Some ALMP became quite costly, conamdetheir ability to gene-
rate employment (Sec. 50i+j, Sec. 52a). We, howeaesognise that the same
ALMP instruments may have had important social@feThe effects may have
included fostering working habits and/or social &ednomic inclusion of spe-
cific social groups (MRC in particular). Future @asch may explore the social
efficiency of ALMP in greater detail. Improvemeiitsthe labour market and the
general lack of a labour force have had a limitegact on the employability
of MRC members thus far. The MRC members are afteable to react to job
offers. Furthermore, they are not ready to managek wasks without external
help. The current model of labour market servicas A minimal impact on
increasing the employment and employability of MR@mbers. The MRC
members need an individualised ALMP service, wiiab not been provided by
the public ALMP service thus far. The ALMP targetijob retention (not ana-
lysed in this paper) were expensive, albeit impuartar the economic and social
inclusion of job seekers with health and mentadliigties.

Future ALMP will have to address challenges défdrfrom those in the
1990s and 2000s. The policies oriented towardsulabopply would rise in im-
portance. The future application of ALMP will bebgect to (1) their economic
and social efficiency, (2) demographic developmémtthe labour market, and
(3) structural changes in the Slovak economy. Mdd¢IP expenditure targeted
job generation or the retention of current emplogtnia the 2000s and early
2010s. Demographic changes made many ALMP obsiol¢ke late 2010s. The
mitigation of population ageing has to become thg #river of ALMP in the
Slovak Republic in the future. Such mitigation niake many forms: (a) boosting
employment rates of specific socio-demographic ggo(b) industry restructuring
towards less labour-intensive industries, and i@)g productivity rates via the
massive introduction of automation, including raband artificial intelligence.

Future ALMP would set new targets and develop imstruments for achiev-
ing these targets. As for employment rates, the RLMII have to focus on older
workers, females and young people from disadvadtaggironments (including
MRC members). Policies supporting labour supply rhalp to mitigate, but
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may not fully offset, demographic pressures in adea economies (Grigoli,
Zsoka and Topalova, 2014). Demographic developmsititsmpact upon both
the volume and the quality of the disposable lalforge.

Human capital-centred programmes are the bestpeairfg ALMP in deve-
loped countries (Card, Kluve and Weber, 2010). SACMP have been signi-
ficantly underfinanced in Slovakia. It is therefamgportant to implement pro-
grammes aimed at building human capital via lifiegdearning (LLL). Short-
-term training and re-training would remain impaitdor solving the current
demands of the Slovak labour market. The ALMP agram long-term support
for human capital should increase in importancearéhwere no ALMP support-
ing LLL in the current structure of ALMP in Slovakias of 2017. The fact is
reflected in an extremely low share of the popata(29 — 64 years old) partici-
pating in LLL (SK = 2.9%, EU-28 = 10.8%, Eurosta@18a). The onset of the
Fourth Industrial Revolution underpins the impocarof the support for LLL.
Increased deployment of robots and software may llsamatic consequences
in respect of the disappearance of jobs in manfepstons. The Slovak Repub-
lic has the highest share of jobs endangered bynaton (33%) among the
OECD member countries (Nedelkoska and Quintini8201

Our paper has several important limitations. Birgtvailable databases con-
tained a high share of missing values. We were @btibserve job seekers who
failed to maintain their employment, but not jolelsers who were able to do so.
We therefore were able to compute the ‘rate olfail instead of the ‘rate of
success’. The cost-benefit analysis had to relymoroximate rates of success
rather than direct evidence. Future research mbae she problem of missing
data on employment in the COLSAF via merging theL6AF database with
the Social Security databases. Secondly, we atd@dadirect data on first em-
ployment of Slovak graduates. We approximated datanew entrants to the
labour market with data on activity rates of spedifge groups. Future research
again may benefit from direct data on first empleytnifrom Social Security.
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Appendix 1

Figure 1
The ALMP Expenditure and Unemployment Rates in theEU Countries
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Source:Eurostat (2018b) and authors’ computations.

Figure 2
Average Job Vacancies per One Unemployed in 20072617
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Appendix 2

Data Cleaning

Data cleaning included formal and logical checldafa on registrations by
jobseekers. Following registrations were removed:

« parallel registrations, when the same ALMP wassteged multiple times
in the same time period. The share of such repeatgstrations in total registra-
tions varied from 0.02% to 0.67% among specific ALMstruments;

« registrations with 0 days spent in the ALMP instamts and/or the number
of days different from those set by the 5/2004 L@he share of such registra-
tions in total registrations varied from 1.48% th@1% among specific ALMP
instruments;

- repeated registrations, when the same job seekerregistered with the
same ALMP instrument over time. The share of sedfistrations in total regis-
trations varied from 0.59% (Sec. 49) to 35.50% (S#u+j). Sec. 52 allowed
repeated registration for the same job seekertower Only the first registration
was considered in the analysis;

- registrations, where the age of the job seekerlawsr than 15 years and
higher than 62 years, or different from that sethi@ 5/2004 Law. The share of
such registrations in total registrations variezhfr0% to 2.29% among specific
ALMP instruments.

Table 6
Data Cleaning by ALMP
Rregistrations before cleaning| Registrations aftecleaning Removed (%)

49 60,992 58,843 3.52
50i+j 37,067 23,381 36.92
51 103,363 84,984 17.78
52 662,344 173,387 73.82
52a 66,038 51,195 22.48
54 46,763 36,410 22.14
54 BAZ 57,655 52,532 8.89
54 REPAS 30,971 27,099 12.50

Note: Only the first registrations for Sec. 52. Job seskwith one-time registration only for other ALMP
instruments.

Source Authors’ computations, based on the COLSAF data.
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Appendix 3

Correation and Factor Analysis; Multicollinearity and Residual Measures
for Logistic Regressions

Table 7
Correlation Coefficients

Unemployed perl Share of Roma | Average | Firms per | Unemployment

1 job vacancy population wage 1000 pop rate

Unemployed per 1 job
vacancy 1.000 -0.164 0.388 0.390° -0.357
Share of Roma populatio -0.164 1.000 -0.269 | -0.220° 0.715
Average wage 0.388 —-0.269 1.000 0.601 —0.464
Firms per 1000 populatio 0.3%0 —0.220° 0.601" 1.000 -0.349
Unemployment rate -0.352 0.715 —0.464 | -0.349 1.000

Note ** significant on the 0.000 level.
Source Authors’ computations, based on the COLSAF data.

Table 8
Factor Analysis, Total Variance Explained
Initial Eigenvalues Rotation Sums of Squared Loadigs
Total % of Variance Cumulative % Total % of Vaian Cumulative %
2.587 51.746 51.746 1.960 39.198 39.198
1.095 21.905 73.652 1.723 34.454 73.652
0.675 13.495 87.147
0.402 8.049 95.196
0.240 4.804 100.000
Notes Bartlett’'s Test of Sphericity: Approx. Chi-Squate61.149; Sig. = 0.000.
Source:Authors’ computations, based on the COLSAF data.
Table 9
Factor Analysis: Rotated Component Matrix
Component 1 2
Firms per 1000 population 0.833 -0.124
Average wage 0.799 —-0.252
Number of unemployed per 1 job vacancy 0.713 -0.110
Share of Roma in total population —0.066 0.942
Unemployment rate —0.338 0.862

Note Extraction Method: Principal Component Analy§tetation Method: Varimax with Kaiser Normalization.
Source:Authors’ computations, based on the COLSAF data.
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Table 10
The Multicollinearity and Residual Measures for Logstic Regressions
Multi- .
collinearity Residuals
Max VIE Cook’s Leverage Standardised DF Beta
distance residuals for constant
——
Expected value <10 <1 0<(k+1)/N<1 Max 45_1/09%Ut3'de <1
General regression
Sec. 50i+j 1361 | max =0.08365 55001 o 0,00034| 1-2% OUtside £1.96max = 0.00465
Sec. 49 1127 | max=0.07243 o0 070 0. | 9.7% outside +1.96.max = 0.1650
Sec. 51 1489 | max=0.0245% 0,00 0ol 0.8% outside +1.96max = 0.0015
Sec. 54 1144 | max=0.01457 .., 0° ) 3.1% outside +1.96max = 0.00729
Sec. 54 REPAS 1094 | max=0.01718,,,000% 00| 1.1% outside +1.96max = 0.04692
Sec. 54 BAZ 1145 | max=00148g , oo°0 (o | 5.5% outside +1.96max = 0.05609
Sec. 52 1116 | max =0.00368,; 700~ o 0000k 5-6% Outside 1.9pmax = 00005
Sec.52a 1295 | max=002444  , 1°8"  12.4% outside +1.96max = 0.00198

Source Authors’ computations, based on the COLSAF data.



